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1. Introduction 
 

The Comcast ruling in 2013 and U.S. case law since then raised the 

bar for plaintiffs to establish a causal link between their theories of 

liability and actual harm.1  In particular, the ruling requires that 

plaintiffs show, on a common basis, that consumers suffered harm 

attributable to the conduct of the defendant, and that plaintiffs are 

capable of determining harm in a way that is consistent with the 

particular theory of liability offered.2  

In product liability matters, plaintiffs typically claim that the 

defendant misrepresented the true characteristics and qualities of the 

products at issue (either through false claims on product 

labels/advertising communications, or through lack of proper 

disclosures/omissions).  Plaintiffs then claim that, because of such 

misrepresentations, they did not receive the benefit of their bargain 

and overpaid for the products they purchased, and/or the purchased 

products diminished in value following disclosures of the alleged 

misrepresentations.3  In these cases, plaintiffs need to show that 

individuals who purchased the at-issue products (1) saw the 

alleged misrepresentations (exposure), (2) relied on the alleged 

misrepresentations in making their purchase decisions (reliance), or in 

the case of allegedly omitted information, that the failure to disclose 

omitted information materially impacted their purchase decisions 

(materiality), and (3) as a result, buyers paid higher market prices or 

would have purchased a different product if they were provided with 

the relevant information at the time of product purchase (impact).  

In the following sections, we describe and discuss strengths and 

weaknesses of empirical tools from the fields of marketing, 

consumer behaviour, and economics that are typically employed by 

plaintiffs and defendants in product liability litigation in addressing 

issues relating to exposure, reliance, materiality, and impact, 
including analytical tools usually employed to assess economic 

harm according to overpayment and diminution in value theories of 

harm. 

 

2. Survey Methods 
 

Survey methods have been heavily employed in product liability 

matters.4  They are typically conducted by experts who specialise in 

the fields of marketing, consumer behaviour, and survey 

methodologies.  Below we provide specific examples of the types of 

surveys that have been used in these matters. 

Surveys Relating to Consumer Behaviour and Purchase 

Decisions 

Research in marketing and consumer behaviour sets out a framework 

to assess the effects of a disclosure or omission of an alleged 

misrepresentation on consumers’ purchase decisions.  Specifically, 

this research indicates that consumers can vary in their purchase 

processes and reasons.5  For example, some consumers may perform 

significant research and consider multiple information sources prior 

to purchasing a given product, while others may not.  Furthermore, 

while some consumers might rely on information from the 

manufacturer or from the sales representatives, others might rely on 

information from third parties (e.g., Edmunds.com, CNET, 

Consumer Reports ratings, etc.), friends and family, or their own past 

experiences with a given brand.6  As a result, while some purchasers 

of the at-issue product may have been exposed to the manufacturer’s 

communications containing the alleged misrepresentations, others 

may not.  

Similarly, research in consumer behaviour indicates that consumers 

have different preferences for different features of the same 

product.7  This variation (or heterogeneity) in consumer preferences 

implies that certain product features may be strongly valued by 

some consumers, but not by others (who may prefer other product 

features).  For example, while buyers of a specific car model may 

value speed and horsepower above all other features, other buyers 

may consider fuel economy most important.  As a result, disclosure 

of information about specific features of a product may affect each 

buyer differently, and for buyers who do not consider these features 

important, such disclosures may not change their purchase 

decisions.  

Given this setting, in a product liability consumer class action, a 

marketing expert can review industry sources and product reviews 

(e.g., Edmunds.com, CNET, Consumer Reports), defendants’ 

internal marketing studies, and existing customer surveys 

(conducted by defendants in their normal course of business) to 

empirically assess the information sources and purchase factors 

considered by putative class members.  

When these sources are not available or are inadequate, the 

marketing expert can also design a survey using a representative 

sample of buyers of the product at issue.  The purpose of the survey 

would be to (1) uncover the sources of information consumers relied 

on in their purchase decisions and relative importance of these 

alternative sources of information, and (2) uncover the factors that 

consumers considered in their purchase decisions and the relative 

importance of each of those factors.  The results of these surveys can 
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be used to assess whether and to what extent manufacturer 

advertising influenced purchasers’ decisions to buy the product at 

issue, the reasons individuals purchased this product, and whether 

and to what extent the purchasers cared about the misrepresented or 

allegedly defective feature.  

Surveys Relating to Contested Marketing Communications 

Research in marketing and consumer behaviour further indicates 

that the interpretation of marketing communications may differ 

considerably across consumers.8  As a result, consumers may take 

away different messages from the defendant’s communications, 

such as advertisements and product labels.  Using a representative 

set of the defendant’s advertisements or other marketing 

communications, a marketing expert can design surveys to 

empirically assess consumers’ perceptions of the main messages 

conveyed by the contested advertising.  

A marketing expert can also design a survey to assess whether the 

allegedly false advertising messages were material to consumers’ 

purchase decisions.  This typically involves a survey design that 

includes a treatment group and a control group.  Respondents in the 

control group are typically shown the original advertisement or 

label, while respondents in the test group are typically shown the 

same advertisement or label without the challenged message (or in 

cases where defendants allegedly omitted material information, a 

test group can be shown the same stimulus but with the message 

included that has allegedly been omitted in the contested 

advertisement or label).  After reviewing the stimuli, the 

respondents in both groups are asked to indicate purchase intent 

(e.g., indicate their likelihood of purchasing the product based on a 

scale).  If the survey design is robust, any difference in purchase 

intent measures across test and control groups would likely be due 

to test group respondents’ exposure to the challenged messages.  If 

purchase intent is not different across the two groups, the challenged 

messages or omitted information is unlikely to be material.  

Conjoint 

Recently plaintiffs’ marketing and economic experts in product 

liability matters have increasingly proposed conjoint analysis as a 

method to estimate damages based on theories of harm, such as the 

benefit of the bargain, overpayment damages, and/or damages from 

the diminution in the product’s value following the disclosure of an 

alleged misrepresentation.9  

The use of conjoint analysis has varied across cases.  In certain 

cases, the plaintiffs’ expert opinion was limited to a proposal for a 

conjoint analysis, which outlined the general contours of the 

conjoint survey instrument without a formal implementation.10  In 

other cases, the plaintiffs’ expert executed the survey, conducted the 

conjoint analysis, and presented empirical results.11  In such 

instances, these experts attempted to measure the alleged “price 

premium” plaintiffs paid for the at-issue product because purchasers 

were not aware of the alleged defect or misrepresentation at the time 

of purchase.   

i. Definition of Conjoint 

Conjoint analysis is a survey-based methodology used to analyse 

consumer preferences for products and product features.12  The main 

premise of this methodology is that products are comprised of a 

multitude of features called “attributes”.  For example, cars have a 

myriad of attributes such as brand, body style, engine power, 

transmission type, fuel economy, and so on.  The theoretical 

underpinning of conjoint analysis is that consumers’ utility 

stemming from the purchase of a product is the sum of the utilities 

(or “part-worths”) originating from each of the attributes that 

comprise such a product.  The goal of conjoint analysis is to 

measure consumers’ preferences for each product attribute.  

A conjoint survey contains questions requiring respondents to 

choose among hypothetical product profiles which vary across the 

product attributes specified in the conjoint.13  By examining 

respondents’ choices, conjoint attempts to estimate respondents’ 

stated preferences for each product attribute relative to other 

attributes, and the rate at which respondents are willing to trade off 

these attributes with each other and with price.  This procedure, if 

done correctly, ultimately delivers estimates of respondents’ 

willingness to pay (or WTP) for each product attribute, expressed in 

monetary values.14 

ii. Challenges in the Use of Conjoint in Product Liability 

Cases 

In the following sections, we identify the main challenges relating to 

the use of conjoint analysis in product liability matters.  First, we 

explain that while conjoint analysis, if done correctly, can provide 

average willingness to pay estimates, it is an inappropriate method 

to estimate an alleged “price premium”.  Then, we identify the 

typical flaws that may affect the implementation of conjoint analysis 

in estimating WTP.  

Conjoint Does Not Model the Supply Side of the Market and, at Best, 
Can Generate Willingness to Pay, Not Market Price Estimates 
As we explain above, conjoint analysis was developed to estimate 

consumers’ stated preferences for products and their attributes.  There 

are two fundamental issues that need to be addressed in applying 

conjoint analysis to estimate harm in product liability matters.  First, 

conjoint analysis reveals stated preferences of the at-issue product 

and not actual preferences based on actual purchase transactions of 

the at-issue product.  Second, if done correctly, conjoint analysis can 

at best estimate willingness to pay and not market price.  The 

distinction between these two concepts is crucial – willingness to pay 

is determined by analysing consumers’ demand for a product, while 

market price is determined based on the interaction between demand 

and supply in the marketplace. 

The fact that conjoint can at best measure demand and willingness 

to pay, and not market prices, is well established in the literature: 

■ “Choice-based conjoint (CBC) surveys … have become 
widely used … to predict the demand for consumer 
products.”15 

■ “WTP measures only a shift in the demand curve and not 
what the change in equilibrium price will be as the feature is 
added or enhanced.”16  

■ “In general, the WTP measure will overstate the change in 
equilibrium price.”17 

Consequently, conjoint analysis is an inherently inappropriate 

methodology to determine the market price of a product without an 

alleged defect or alleged misrepresentation.  In conclusion, the 

results from a conjoint analysis cannot and should not be used to 

determine economic damages according to the benefit of plaintiffs’ 

bargain or overpayment damages in product liability class actions. 

In recent years, courts have reached contrasting conclusions when 

considering the validity of the conjoint analysis put forward by the 

plaintiffs’ experts and their assumptions regarding supply-side 

factors.  Among others, a number of recent court rulings have 

recognised that conjoint analysis does not account for the supply-

side of the market and, therefore, cannot be reliably used to 

calculate damages.  For example, in Saavedra v. Eli Lilly & Co., the 

court did not certify the putative class and concluded that: 

■ “[The] model looks only to the demand side of the market 
equation.  By looking only to consumer demand while 

Cornerstone Research Analytical Tools in Product Liability Matters 
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ignoring supply, Dr. Hay’s [the plaintiffs’ expert] method of 
computing damages converts the lost-expectation theory 
from an objective evaluation of relative fair market values to 
a seemingly subjective inquiry of what an average consumer 
wants.”18 

In Morales et al. v. Kraft Foods Group, Inc., et al. the court de-

certified the class and reached the following conclusion: 

■ “It is uncontested here that the conjoint analysis conducted 
by Bodapati [the plaintiffs’ expert] did not measure the 
market value of the Product either with the ‘natural cheese’ 
label or without it … [T]he evidence provided by Plaintiffs 
about their potential willingness to pay a premium due to the 
use of the ‘natural cheese’ label is insufficient to establish a 
basis for calculating restitution.”19 

In other product liability class actions, however, courts accepted 

conjoint analysis.  For example, in In re MyFord Touch Consumer 
Litigation, the court appears to have misunderstood accounting for 

supply-side factors with assuming a fixed quantity of supplied 

products.20  As mentioned earlier, a conjoint cannot account for any 
supply-side factors such as costs of production or competitors’ 

reactions, nor does it account for any of the actions that 

manufacturers could undertake in response to disclosure of an 

alleged defect instead of lowering prices, such as offering free 

repairs and recalls, or extending warranties. 

Aggregate WTP Estimates from Conjoint Can Mask Individual 
Responses of No Impact or Irrational Preferences 
Conjoint studies performed in product liability litigation can 

typically provide estimates for each respondent’s preferences and 

willingness to pay for the product features in the survey.21  However, 

in many circumstances, the plaintiffs’ experts measure the loss by 

calculating an average or median willingness to pay measure across 

respondents.  Even if an aggregate willingness to pay estimate may 

indicate that willingness to pay declines due to disclosure of an 

alleged defect, this may not be the case for many or most individual 

respondents.  In particular, some consumers may not be affected by 

the challenged conduct because, for example, they do not attach any 

value to the allegedly defective feature of the product.  An analysis 

of individual-level willingness to pay estimates can therefore 

demonstrate lack of common impact if, for many or most 

respondents, the estimated decline in willingness to pay due to the 

challenged conduct is zero.  

Furthermore, an analysis of individual-level willingness to pay can 

reveal that some respondents exhibit an increase, rather than a 

decrease, in willingness to pay due to the challenged conduct, (for 

example, all else equal, these respondents would be willing to pay a 

higher price for a defective product compared to a non-defective 

one).  Such irrational preferences would call into question the 

reliability of the data generated by the conjoint survey. 

Selection of the Relevant Population 
As explained by Dr. Shari Diamond in the Reference Guide on 
Survey Research, identifying the appropriate population is a key 

step for every survey.22  In particular, it is important that the conjoint 

relies on a representative sample of the target population to whom 

conjoint results should be extrapolated.  Disregarding this basic 

principle creates a fundamental disconnect between the plaintiffs’ 

theory of liability and the findings presented by the expert. 

Realism, Confusion, and Bias in Conjoint 
For the conjoint analysis to provide reliable estimates of consumers’ 

preferences, the conjoint survey instrument should be able to 

reasonably replicate the consumers’ purchase decision-making 

process.  In order to achieve this goal, certain fundamental 

conditions must be met.  First, the product attributes included in the 

conjoint must contain important drivers of consumers’ purchase 

decisions in the real world.23  In other words, “the menus of products 

and their descriptions [should be] designed to realistically mimic a 

market experience”.24  Exclusion of salient product attributes and 

inclusion of attributes that consumers do not consider important in 

real markets creates a so-called “focusing bias”, whereby the 

relative importance of the lesser valued attributes are increased.  In 

such cases, the estimated valuations for these attributes are 

inflated.25 

Second, the choice questions included in the survey instrument must 

be clear and unambiguous.  Failure to meet this basic requirement 

undermines the validity and reliability of the data generated by the 

survey.26  Third, no aspect of a survey instrument should be leading 

or suggestive in a way that would unduly influence respondents’ 

responses.27  If respondents’ attention is drawn towards a particular 

attribute or attribute level (e.g., because the language used to 

describe an attribute makes it stand out from the others), the data 

generated by the conjoint survey may be biased.    

 

3. Content Analysis 
 

Plaintiffs and defendants can also perform a “content analysis” of 

advertising materials and other communications disseminated by 

the defendant in order to assess the pervasiveness and uniformity of 

the alleged misrepresentations in these communications.  Content 

analysis is the systematic, objective, and quantitative analysis of the 

characteristics of various forms of communication (including 

advertising messages), and is a well-accepted methodology used by 

academics in various fields, including consumer research.28  

This analysis is typically performed by two or more human coders, 

who are “blind” to the purpose of the project.  Content analysis may 

also be performed by a computer-aided text analysis.  In either case, 

the content of advertising materials and other communications are 

categorised according to a set of objective rules (or a coding 

scheme) developed by the expert prior to the coding exercise.  

Content analysis is suitable for expert testimony in litigation 

because it is replicable and has an error rate that can be measured.29  

The use of content analysis in litigation has expanded in recent years 

with frequent implementations in false advertising and product 

misrepresentation claims as well as in other areas such as 

defamation and securities fraud.30  For example, the plaintiff in Beef 
Products, Inc. et al. v. American Broadcasting Companies Inc. et al., 
a prominent defamation case, relied on an expert testimony, which 

included several content analyses that contributed to the plaintiff’s 

causation evidence.31  

 

4. Regression Methods 
 

Regression methods can be used in product liability matters in 

measuring economic loss or damages.  It is important to note that 

these approaches can estimate, at best, only an average effect, and 

do not address the question of whether a particular individual was 

harmed, especially in situations where there is wide dispersion in 

the prices paid for the at-issue products (as is the case in the 

automobile industry and other industries, such as consumer 

packaged goods and consumer electronics).  Below we focus on two 

specific regression methods that are commonly used: “diff-in-diffs” 

regression models and synthetic control method; and hedonic 

regression models.  

Cornerstone Research Analytical Tools in Product Liability Matters 
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“Diff-in-Diffs” Regression and Synthetic Control Method 

In order to assess diminished value and benefit of bargain theories, 

economics experts may rely on statistical analyses of market data.  

For example, in cases where an alleged misrepresentation is 

revealed to the public, an expert may analyse whether the prices of 

at-issue products declined in response to such information 

revelation through a methodology called “diff-in-diffs” or 

difference in differences regression.32  This methodology requires 

identifying a product (or a set of products) that is similar to the at-

issue product but is not affected by the alleged misrepresentation, 

and whose price trajectory tracks that of the at-issue product before 

disclosure (i.e., a “control product”).33  In order to isolate the 

average change in price that is due to the alleged misrepresentation 

from normal changes in prices that are due to unrelated reasons 

(e.g., macroeconomic factors, industry specific factors), one may 

measure the average change in price after a disclosure for both the 

at-issue product and the “control product”, and then measure the 

difference across these price changes (thus, difference in 

differences).   

A critical assumption for the diff-in-diffs methodology to yield 

meaningful results is that at-issue products and “control” products 

are similar in all ways, except for the alleged misrepresentation.  In 

other words, the diff-in-diffs methodology requires a set of 

benchmark or comparison products against which to compare the at-

issue product, and the methodology assumes that, but for the 

disclosure, the price of the product at issue would have evolved the 

same way as the benchmark products.  

In many circumstances, it may be hard or impossible to find suitable 

benchmark products or to fully account for all of the differences 

between the product at issue and the benchmark products.  In these 

cases, experts can resort to another method closely related to diff-in-

diffs, called the “synthetic control” method.34  The main difference 

between the synthetic control method and the diff-in-diffs method is 

that the benchmark product is not just one product but a basket of 

products.  In other words, this method attempts to find the mix of 

benchmark products that most closely approximates the product at 

issue (in terms of price and other characteristics) prior to the event 

or disclosure at issue.  

Again, it’s important to note that these approaches, if done correctly, 

only estimate an average effect and cannot answer the question of 

whether a particular individual was harmed by the challenged 

conduct.  

Hedonic Regression 

Hedonic regression methodology is based on the premise that a 

product is made of a multitude of attributes or features, and each of 

these features contributes to customers’ overall utility for a product.  

Hedonic regression uses econometrics techniques to determine the 

price premium or discount determined by the attributes or features 

of the product at issue.35  Hedonic regression relies on actual sales 

data and product features and exploits the variation in products’ 

market prices and actual features to estimate how the presence or 

absence of these features adds to or subtracts from the market price 

of a product.   

In the context of product liability matters, there are several 

challenges in using hedonic regression methods to estimate benefit 

of the bargain or overpayment damages, and/or damages from the 

alleged diminution in the product’s value.  For example, one needs 

to carefully consider and decide which product features to include 

since many products have a large number of features.  If one or more 

critical features are omitted, hedonic regression models have been 

found to generate estimates that are biased and unreliable.36  

In addition, in many settings, it may not be possible to estimate a 

hedonic regression due to market data limitations.  Specifically, in 

cases where the available market data does not offer sufficient 

variation to allow the model to isolate the value of product features, 

use of hedonic regression is not feasible.  Further, similar to the diff-

in-diffs regression methodology, hedonic regression can, at best, if 

implemented correctly, identify an average value associated with 

the specific product feature.  Thus, use of hedonic regression models 

in the context of a consumer class action or cases where is there is 

significant heterogeneity in the circumstances of buyers and sellers 

is challenging, because such models cannot be used to calculate the 

amount each individual overpaid due to the challenged conduct.  

Lastly, in certain product liability matters, there is no specific 

product feature that can be used to isolate the alleged defect.  In such 

cases, damages estimation based on a hedonic regression model 

cannot be tied with the theory of harm and would fail to meet the 

requirements set forth by the Comcast ruling.  In conclusion, 

hedonic regression methodology is sensitive to modelling 

assumptions and specifications.  Consequently, one needs to 

carefully consider the context these models are applied to, integrity 

of the market data, and the model specifications. 
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